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Abstract: Radiomics is a new analytical method, which extracts high-dimensional features from
medical images for quantitative analysis, to quantify tumor heterogeneity and evaluate the biologi-
cal behavior of tumors more accurately. Gastric adenocarcinoma is one of the common malignant
tumors of digestive tract, and precise treatment can effectively reduce tumor mortality. Radiomics
can be used to predict prognostic factors such as TNM stage, expression of treatment-related
biomarkers and survival time in patients with gastric cancer, so as to guide clinical decision mak-
ing and achieve individualized precise treatment. This paper reviews the latest research progress
of radiomics in predicting the prognosis of gastric adenocarcinoma.
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